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Implementing the Design of Sample Transport System of
Gas Process and Effluent Radiation Monitoring
System through ML-Agent

NamYul Jeon®, Shin Soo Young**f
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ABSTRACT

Through ML-Agent, accomplish the design of GPERMS(Gas Process and Effluent Radiation Monitoring System) location and
sample transfer pipe routing in nuclear power plant. And, show the proper GPERMS location and expected sample transfer ratio
through the analysis of reward data collected from ML-Agent using clustering model. It can visualize whether transfer ratio

requirement is satisfied or not.
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Require : Rx, Re, TRNS;, TR, Obxy, Obz, X, y, z, S, Move, R

Ensure : PathToTarget

1. Public override void OnEpisodeBegin()
StartPoint = Rx
TRNS = 1
RELocation()
2. Public override void CollectObservations()
Sensor.Rx
Sensor.Re
3. Public override void OnActionReceived()
MoveAgent()
HD = HDistanceTracker()
VD = VDistanceTracker()
HTP = CTransferRate(HD)
TRNS *= HTP
VTP = CTransferRate(VD)
TRNS *= VTP
lineRenderer
4. Public override void OnCollisionEnter()
if (TRNS < 0.4), R -= 11.0f
if (TRNS < 0.5), R = 3.0f
if (TRNS >= 0.5), R += 3.0f

EndEpisode()

. TR=05

2. P=(x1Y, 2

3. D={1y,z}

4. FinishPoint = Re

5. FindingPath = True

7.  StartPoint = Rx

8. Set FinishPoint(R(x, y, z, Random)
9.  While FindingPath do

10. if Obz = None,

11. get D(z)
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15. TRNS *= TRNS;
16. else, get D(x, y)
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23. else, get D(z)

24, end if

25. if Obxy or Obz = Re,
26. end Move

27. retum TRNS

28. end while

29. if TRNS > TR or TRNS = TR
30. retum True

31. if TRNS < TR

32. return False
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Table 4 Mapping Code

Mapping Python Code

1. Main A3 HEH

2. def read data()

3. def apply agglomerative clustering()
4. def plot_clusters 3d()
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